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Abstract The epigenome, structure and function

The main goal of our study is to find a method to quantify the variability of
the epigenomic information and use it to dissect the epigenome's role in
cellular differentiation, or the transition from a healthy to a cancer state.

The basic unit of chromatin is the nucleosome, a histone octamer around which DNA is wrapped. The N-term (or tail) regions of the histones protrude out of
the nucleosome and can undergo chemical modifications, such as the addition of one or several methyl or acetyl groups on some residues.

These modifications, known as histone marks, are involved in the regulation of gene expression by locally modulating the compaction level of DNA, as well

For that purpose, we retrieved from the EpiMap project dataset a selection as the interaction with chromatin binding factors (transcription factors or remodeling complexes).

of epigenome profiles corresponding to distinct cellular states (eg. cancer vs
healthy tissue) and including five histone marks associated with activation Out of the >100 histone marks identified to date, the combination of some of them at particular annotations are diagnostic of specific states of gene activity.
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